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Al as an Efficiency Driver
or
Profit Trap?

DIETER ZIBERT

Few topics are as polarizing right now as artificial
intelligence (Al). Whether it’s planning, reporting,
forecasting, or resource management—AIl is often
presented as the cure-allfor the challenges of modern
project environments. The promises sound tempting:
automated schedules, precise effort estimates, intel-
ligent prioritization.

But in practice, the picture looks different. Many or-
ganizations invest in Al solutions before building the
foundations that would allow these technologies to

work effectively. Data is fragmented, processes are
inconsistent, responsibilities unclear. The central
thesis of this article: Without transparency, integrated
data flows, and a clear bottleneck-oriented logic, the
effect of Al fizzles out—or even turns negative. Al can
only be as good as the system it operates in. Where
chaos prevails, it learns chaos. Where priorities are
unclear, it optimizes the wrong things—and where
economic rationale is missing, it merely produces
expensive automation.
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Why Al Often Fails Before It Starts

In many organizations, Al is introduced into project
management long before the structural prerequisites
are in place. The result: disappointed expectations,
overloaded systems, and rising complexity. Four re-
curring core problems stand out.

Tool-Silos: Systems Don’t Talk to Each Other

PM software, resource management, time tracking,
ERP, CRM—each department uses its own tool. While
this may look flexible, it actually creates data silos.
When Al is expected to “learn” how to plan or prioritize
based on these fragmented data sets, it immediately
hits limits. It sees only snapshots, never the whole
picture. A resource-optimization Al may detect that
Team Ais overloaded—but knows nothing about Team
B waiting for approvals.

Key point: Al in isolated tools cannot provide end-to-
end steering. It remains locally effective but strategi-
cally blind.

Inconsistent KPIs: Everyone Measures Differently

What does “project progress” mean? Is it completed
tasks, consumed effort, or economic value? In many
organizations, the same concept has different defini-
tions. Al, however, requires clear metrics. When one
system evaluates progress based on effort and another
based on milestones, no algorithm can identify mea-
ningful patterns. .

Example: One department reports a project as “80%
complete” because most tasks are checked off. Con-
trolling rates it at “560%” because the most expensive
work packages are still pending. For Al this is contra-
dictory—for management it’s a risk.

Key point: Without consistent KPIs, Al learns nothing
useful. It simply reinforces existing inconsistencies.

Missing Bottleneck Focus: Al Optimizes the Wrong
Thing

Al is supposed to detect and resolve bottlenecks. In
reality, it often lacks an understanding of the overall
system. It maximizes local efficiency—Ilike the utiliza-
tion of individual teams—while overlooking whether
these are actually the limiting factors. If developers
are perfectly utilized but approval processes stall at
the management level, the system does not become
faster. In fact, local optimization creates overload at
the wrong point. .

Key point: Without bottleneck logic, Al merely redistri-
butes work—without increasing throughput.

Lack of Transparency: Garbage In, Garbage Out

Al is hungry for data—but it does not distinguish bet-
ween useful and useless input. When incomplete,
duplicated, or outdated data is fed into the system,
the result is not insight but noise. Reports that were
previously inaccurate now become automatically
wrong. Dashboards display numerical precision where
conceptual uncertainty remains.

Key point: Al cannot fix structural ambiguity. It auto-
mates errors—just faster.

The Amplification Effect - When Al Multiplies Inef-
ficiency

Alis an amplifier. It does what exists—just faster, more
complex, and seemingly more objective. Thiscan be a
powerful lever when the structure is sound. But when
itisn‘t, inefficiency escalates.

1. Scaled Wrong Decisions

In traditional projects, it may take weeks before a bad
decision becomes visible. With Al, incorrect decisi-
ons can be propagated across entire portfolios within
hours. A flawed prioritization model or one incorrect
data source is enough—and hundreds of projects are
replanned based on distorted logic.

2. The Illusion of Algorithmic Objectivity

“The Al decided” sounds neutral—but it isn’t. Every
algorithm is only as objective as the data it is trained
on and the assumptions built into it. In many organi-
zations, this perceived neutrality leads to a dangerous
effect: people question decisions less when they are
automated. Reflection disappears, critical discourse
dries up.

Key point: Al does not replace thinking. It reduces
skepticism—and often the quality of decisions..

3. Reporting Overload and Data Junk

Another symptom: reporting explosions. Where a sta-
tusreport was once created monthly, Al how generates
dashboards daily or hourly. But more data does not
equal more insight. It often leads to decision para-
lysis—no one knows which number is the “real” one.
Leaders lose clarity instead of gaining it.

Example: A project manager spends more time explai-
ning conflicting Al-generated reports than managing
the actual project.

Key point: Al without governance produces data junk—
and fakes precision where uncertainty remains.
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4. Rising Complexity Without Productivity Gains

A paradox of modern digitalization: automation in-
creases, but productivity stalls. The issue lies not in
the technology but in the system. If organizations
spend more time operating, training, and controlling
Al systems without measurable output improvements,
the resultis not progress but technological busywork.

Finale thought: Al does not save time when embedded
in poor structures—it merely accelerates the wrong
things.

What Really Matters - Conditions for Effective Al
For Al to unlock its potential in project management,
it needs a solid foundation. Four factors are essential
before automation makes sense.

1. Transparency — Unified Data and Clear Accounta-
bility

Before Al can learn from data, the data must be acces-
sible, complete, and consistent.

This requires:

e Unified data sources and structures across
the portfolio

e Clearresponsibilities for data maintenance,
review, and ownership

¢ Traceable data lineage for every KPI
Transparency is not a technical task—it is an organi-
zational one. Only when everyone looks at the same

truth can Al interpret it meaningfully.

Key point: Transparency is a prerequisite for Al—not
an outcome.

2. Bottleneck Orientation — Focusing on What Limits
Throughput

Al can accelerate processes, butit does notinherently
know which ones matter. Organizations need a clear
bottleneck logic: Which resource, decision point, or
interface currently limits project progress or economic
value? Al can then support this logic through simula-
tion, scenario analysis, or priority setting.
Typical use cases:

* Predictive bottleneck forecasting)

e Simulation of alternative resource allocations

e Pattern detection in recurring delays

Key point: Al does not replace bottleneck thinking—it
makes it measurable.

3. Consistent KPIs — Shared Definitions Across Teams
and Tools

Without acommon language, there can be nocommon
learning. If each department measures “progress,” “ef-
ficiency,” or “profitability” differently, Al cannot identify
reliable correlations.

An effective data model defines:
¢ Which KPlIs apply to all projects
e How they are calculated
* How often they are updated

Example: A standardized KPI catalog (effort, throug-
hput, ROI, risk status) enables Al analyses that are
truly comparable.

Key point: Only consistent measurement enables
meaningful automation..

4. System Integration — Tools Must Talk to Each Other

Perhaps the most crucial but most often neglected
point: integration before innovation. A dozen Al tools
that each create their own data silo increase comple-
xity, not value. Useful Al emerges only when systems
exchange data through APIs, shared platforms, or a
centralized portfolio management system. This leads
to:

e Reduced duplication

e Improved data quality

e Contextualized analytics
Only then can Al detect cross-project patterns—such
as recurring resource conflicts or project types with

the highest returns.

Key point: Al generates value only when it is part of a
connected system—not a replacement for it.

Organizational Readiness — From Data Quality to
Decision Quality

Before Al can create value, organizations must ensure
conditions for reliable decision-making. “Organiza-
tional readiness for Al” means that structures, data,
and responsibilities are aligned so Al can work both
efficiently and economically.

Governance Mechanisms for Transparency and KPI
Consistency.

Three principles form the foundation:
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Conclusion—Al needs structure, not hope

1. Establish data governance:

A company-wide data manager (e.g., data steward
or PMO controller) defines which data is relevant for
projects, where it originates, and how it is checked. A
binding “single source of truth” concept ensures that
all systems access the same database. Data quality
is audited regularly—similar to financial key figures.

2. KPI governance and glossary:

Uniform definitions of key performance indicators
(e.g., progress, ROI, resource utilization) are documen-
ted in a KPI glossary. This glossary is part of project
management governance and is maintained by the
PMO or Controlling. A change control process ensu-
res that KPI definitions are only changed with clear
justification.

3. Transparency through roles and routines:

Each key figure has a data owner who ensures that
it is up to date and correct. Regular data quality re-
views in portfolio meetings ensure that projects are
comparable. Deviations are systematically recorded,
documented, and transferred to lessons learned.

Key point: Governance creates trustin data—and trust
is a prerequisite for Al to be accepted as a decision-
making aid.

Maturity modelfor Al-supported project management

A maturity model helps organizations realistically as-
sess their own status and develop in a targeted man-
ner. A simple five-stage model can provide guidance:
see table at the bottom.

Key point: Maturity models provide guidance without
demanding perfection. The crucial factor is the path
from data quality to decision quality—only then does
Al become a strategic management tool.

Description

1. Fragmented

First unified KPls are introduced; central data

2. Standardized collection begins.

Systems are connected, and governance roles

3. Integrated are established.

Pattern recognition and simulations support

4. Analytical decision-making.
5. Predictive &

Adaptive economic/efficiency goals.

Data sits in silos; there are no shared KPls.

Al dynamically steers projects with clear

Al in project management is neither a savior nor a
danger—itis a mirror of the organization. Where trans-
parency, data quality, and clear control logic prevail,
it becomes an efficiency booster. Where chaos, silos,
and unclear goals dominate, it becomes a profit trap.
Al can accelerate planning, identify risks earlier, and
simulate scenarios—but only if it is based on reliable
data and clear priorities. The most important rule is
therefore: ,Artificial Intelligence amplifies organi-
zational intelligence - or dysfunction.”“ If you want
efficiency, you first have to create order—then auto-
mate. Al is not a substitute for good project manage-
ment, but rather an amplifier of it. Or, in economic
terms: itincreases the throughput of a system—or its
waste. If you want to delve deeper into the topic, the
book “Profitmaschine Projektmanagement” (Project
Management as a Profit Machine) offers numerous
practical tips, models, and immediately implemen-
table methods for transparency, data integration,
KPI structures, and bottleneck control—the decisive
prerequisites for Al to actually increase efficiency and
profitability in project management..

Dieter Zibert is an experienced project manage-
ment expert, author, and management consultant.
With his many years of practical experience, he
supports companies in planning and managing
projects more efficiently and implementing them
more profitably. In particular, he helps companies
to implement professional project management
efficiently and profitably in the context of effective
multi-project management. For more information,
visit: https://projektmanagementbuch.de

Characteristics

Al projects fail due to the lack of a foundational
data basis.

Transparency increases, but no automation
exists yet.

Data quality is actively managed.

Al is used specifically for bottleneck and risk
analyses.

The organization uses data strategically — from
forecasting to value creation.
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